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Abstract: Genomic selection or Genome— wide selection(GS) may be defined as the selection of traits with
markers simultaneously, which cover the entire genome in a dense manner. With advancements in molecular marker
technology, statistical methods, and computing power, GS has transitioned from theory to practice, playing an in-
creasingly important role in crop germplasm innovation and breeding. Through effective integration with convention-
al breeding, GS has brought a significant leap in breeding methods. It can reduce the breeding cost, accelerate the
breeding process, and realize the transformation from identification breeding to prediction breeding. This paper in-
troduces the background, basic process, and factors that affect the prediction accuracy of GS. Using maize as an ex-
ample, it reviews the current situation and prospects of the application of this technology in maize germplasm innova-
tion and prediction of maize hybrid, and puts forward the problems and suggestions faced by the current implementa-
tion of maize genomic selection, hoping to provide some references for accelerating the application of this technology
in maize breeding.
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Fig.1  Basic process of genomic selection
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